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Many problems in natural language processing can be converted into classification problems, and be
solved by an inductive learning method. This strategy has been very successful. Accuracy for the
target problem depends on the learned classifier, so an effective learning method is desired. Against
this background, ensemble learning is actively researched. Ensemble learning combines some learning
methods, and outperforms each learning method. However, ensemble learning has the problem that it
needs much learning time and much classifying time. Therefore, a fast method in learning and classifying
is desired. In this paper, we propose the fast learning method which uses information retrieval method.
The proposed method is similar to k Nearest Neighbor, and so need little learning time. In experiment,
we applied our method to Japanese dictionary task of SENSEVAL2. Precision and classifying time of our
method was as the same level as the decision list and Naive Bayes. On the other hand, leaning time was
5 - 10 times faster than them. Moreover, ensemble learning composed of the decision list, Naive Bayes
and our method outperformed each method.
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